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Summary Model Single neuron results

We present a biologically plausible spiking net- To simulate thalamic bursting (Butts et al.), an input filter extracts convolu- S;())ikes/s conerence 51.2% conerence 50.0%
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choices. As evidence Is Integrated, the vector The monkey response at 0% coherence may indicate ‘guess’ formu-
grows in the ‘decision direction’ until a threshold » lation Involving non-sensory mechanisms (Shadlen & Newsome).
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maximum trial length for both the experiment and model is 800ms.
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The model works with n dimensions, continuous
choices and any Iintegrate-to-threshold decision
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Adapted from <http://scien.stanford.edu/pages/labsite/2006/psych221/projects/06/cukur/intro.html>



